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Dendrite Filtering of Synaptic Input
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Synaptic Depression and Facilitation 
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Synaptic Depression and Facilitation 
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Axonal Propagation Delay Model
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Stability
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Stability of Traveling Wave

( ) ( ( ,t))tU cU U w F U d    



   

( , ) ( , )u x t U x ct t 

( ) ( ( ))V( )cV V w F U dV      



  

0 0 ( )U Spec    



Traveling bump

Traveling bumps and their collisions
(Lu, Sato & Amari, 2011)
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Bump: Stationary Pulse Solution
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Existence of Bumps
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Bump with the smaller width is unstable 
and the other one is stable.
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